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s = model_student(x)

with torch.no_grad():
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global_view])

loss = H(t, s, C)

loss.backward()

optimizer.step()
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The CIFAR-10 dataset:
https://www.cs.toronto.edu/~kriz/cifar.html

STL-10 dataset: https://cs.stanford.edu/~acoates/stl110/



