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Generator(torch.nn.Module):

__init__(self):
super().__init__()
self.encoder = Encoder()
self.decoder = Decoder()

forward(self, x):
z = self.encoder(x)

x = self.decoder(z)
z2 = self.encoder(x)
return x, z, z2
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Discriminator(nn.Module):
__init__(self):
super().__init_ ()
self.encoder = Encoder()
self.conv = nn.Conv2d(zsize, 1, 1, 1, 0,

bias=
forward(self, x):
z = self.encoder(x)
x = self.conv(z)
x = torch.sigmoid(x)
return x.view(-1), z
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netG.zero_grad()
fake, z, zdash = netG(real_imgs)
_, zf = netD(fake)
_, zr = netD(real_imgs)
errG = (
w1 * criterion2(zf, zr)
+ w2 * criterion3(fake, real_imgs)
+ w3 * criterion2(z, zdash)
)
errG.backward()
optimizerG.step()
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criterion2 = nn.MSELoss(reduction="mean")
criterion3 = nn.L1Loss()
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netD.zero_grad()

output, _ = netD(fake.detach())
errD_fake = criterion(output, zero_labels)

output, _ = netD(real_imgs)
errD_real = criterion(output, one_labels)

errD = errD_real + errD_fake
errD.backward()
optimizerD.step()
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Generator(torch.nn.Module):

__init__(self):
super().__init__()
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self.layer1 = DownConv(classter1,
classter2)

self.layer2 = DownConv(classter2,
classter3)

self.layer3 = UpConv(classter3, classter4,
classter5, flag=0)

self.layer4 = UpConv(classter3+classter5,
classterb, classter6, flag=0)

self.layer5 = UpConv( classter2+classter, classter6,
channels, flag=1)

def forward(self, img):
org1, down1 = self.layer1(img)
org2, down2 = self.layer2(down1)
up3 = self.layer3(down2, down2, 0)
up4 = self.layerd(up3, org2, Layer3size)
img = self.layer5(up4, org1, Layer4size)
return img
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netG.zero_grad()

fake = netG(real_imgs)
_,zr =netD(real_imgs)
outf, zf = netD(fake)
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errG = (w1 * criterion2(zf, zr)

+ w2 * criterion3(fake, real_imgs)
+ w3 * criterion (outf, one_labels)
)

errG.backward()

optimizerG.step()
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criterion = nn.BCELoss()

nn.MSELoss(reduction="mean")
nn.L1Loss()
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