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Anomaly Detections using Deep Learning (III)

One-Class Neural Network
HIROKAWA Katsuhisa
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def forward(self, x):
x = self.fc2(x)
v = self.fc2.weight

x = torch.sigmoid(x)
x = self.fcl(x)
w = self.fcl.weight
return - x, v, w
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def forward(self, x):
_»Y,_ = self.encoder(x)
X, Vv, w = self.suportvector(y.detach())
return x, v, w
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y_hat, v, w = modelOC(images)

r = new_r(y_hat, nu).item()

lossl = 0.5 x LA.vector_norm(v,ord=fsize)**2 + 0.5 x LA.norm(w)x*x*2
loss2 = (1 / nu) * torch.mean(F.relu(r - y_hat))-r

loss = lossl + loss2
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optimizerOC.step()
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def new_r(y_hat, nu):
r = torch.quantile(input=y_hat, g=nu)

return r
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