JE R VST BRI SRR SO T3 BT o 2 —BFZE@E  No. 35 (2022)
K

it ) —

BIEFFICETSEEFEDOLEER (553H)

]

[/ZN

Simple Comparison of Reinforcement Learnings (III')
HIROKAWA Katsuhisa
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def forward(self, x):
fcl(x)
relu(x)

= self.
= self.

self.fc2(x)
self.bn2(x)
self.relu(x)

self.fc3(x)
self.relu(x)

x = torch.sigmoid(self.fc4(x))
return x
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netD.zero_grad()

output = netD(actions, states)

errD_real = criterion(output.view(-1), one_labels)
errD_real.backward()

probs = netG(states)
m = Categorical(probs)
actions = m.sample()

log_probs = m.log_prob(actions)

actions = actions.reshape([-1, 1]).to(torch.float32)
output = netD(actions.detach(), states)

errD_fake = criterion(output.view(-1), zero_labels)
errD_fake.backward()

optimizerD.step()
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netG.zero_grad()

output = netD(actions, states).view(-1)

base = rewind(output)

errG = criterionG(log_probs, output.detach())
errG.backward()

optimizerG.step()
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for 1 in reversed(range(steps)):

g_reward = torch.log(output[l]) + gamma * g_reward

output[l] = g_reward
tmp.append(g_reward.item())
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